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Summary (500 words) 

There is growing interest in the connection between Gaussian graphical and latent variable 

models (Epskamp, Rhemtulla, & Borsboom, 2017; Marsman et al., 2018). However, questions 

remain about this connection and how to make use of and interpret the properties of networks in 

psychometrics (Hallquist, Wright, & Molennar, 2019). This poster provides insight into the 

connection between Gaussian graphical models and latent variable models as well as into the 

interpretation and use of Gaussian graphical models.  

 

This insight is established by illustrating how latent variable models are Gaussian latent tree 

models (Zwiernik, 2018). Lauritzen, Uhler, and Zweiernik (2019) show that Gaussian latent tree 

models belong to a family of signed multivariate totally positive of order two (MTP2) 

distributions. Given latent variable models belong to a family of signed MTP2 distributions, the 

path weights from Gaussian graphical models, comprised of data generated from a latent variable 

model, can be interpreted using the theory of path weights from Roverato and Castelo (2019). 

Roverato and Castelo demonstrate how Gaussian graphical models of signed MTP2 have path 

weights between two vertices that all have all the same sign (either all positive or all negative). 

In this way, Roverato and Catestelo provide information about how we can construct centrality 

measures that are easy to interpret, in terms of covariance, correlations, or inflated correlations. 

 

The empirical data set for this study include 1251 district administrator responses to a national 

survey designed to explore current status of school-based socioemotional and behavioral (SEB) 

assessment and intervention practices. The district administrators responded to a set of survey 

questions that measure six latent factors regarding the administrator’s knowledge and beliefs 

regarding the scope of SEB problems in schools and options for addressing them, their perceived 

pressure-to-change school-based SEB screening practices, as well as what SEB problems the 

schools should screen for in terms of psychopathology, competence, and abuse.   
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